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* Why? Aims to improve performance by allocating higher bit- * Challenge. Mismatch in metric scale across component types
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Slmpllfled Formulation of ViT Layers Initialize by solving an Integer Linear Programming (ILP) task
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* |teratively balance the bit-widths while ensuring that the
average bit-width is preserved (efficient computation by
estimating the reconstruction error with its expected value)

1. LAMPQ achieves the state-of-the-art performance 2. All ideas contribute to the improved performance
* Regardless of model type, dataset, target bit-width b, and task T ¢ Type-aware Fisher-based metric (12) shows the highest impact

* Abstracting each ViT block as consisting of 4 core layers
=>» omitting the inner workings of the Attention mechanism
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